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Light weight rotating object detector based on angle
sensitive spatial attention mechanism
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Abstract: With the rapid development of deep learning, more and more target detection algorithms based on anchor
frame are applied to remote sensing images in recent years. However, the cost of improving the accuracy of the algorithm
is to sacrifice the detection speed. Therefore, the target detection network framework of anchor free was chosen, and a
remote sensing detection algorithm of rotating frame was proposed according to the characteristics of remote sensing
scene. A simple and effective representation of rotating frame was proposed according to the spatial position relationship
between rotating frame and its external rectangular frame. In addition, an angle sensitive attention mechanism was de-
signed to assist the detection of rotating targets. By introducing angle information, the detection ability of the model for ro-
tating targets was improved. The proposed algorithm was tested on the open remote sensing dataset DOTA. The mean aver-
age precision of target detection network of rotating frame is 68.5% and the detection speed is 17.4 frames per second.
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